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Intension Recognition of Air-Defense Target Based on Dynamic

Bayesian Network and Template Matching
CHEN Li, LI Fangfang,ZOU Changhong

(Beijing Intsitute of Electronic System Engineering, Beijing 100854, China)

Abstract; It is difficult to predict the combat intention of an air-defense target. Hence, an intention
recognition method based on the dynamic Bayesian network and template matching is proposed to
predict the combat intention of air-defense targets. Specifically, target feature information based on
real-time perception, domain expert knowledge, and accumulated historical combat situation data are
used for the reasoning of current combat operations of an air-defense target by the dynamic Bayesian
network. Then, a possible sequence of operations is predicted according to the current combat
operations of the target. On this basis, the combat intention of the target is predicted by the situation

template matching method. The simulation shows that the proposed method can effectively predict the
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intention of the air-defense target and obtain a higher recognition rate.

Keywords: air-defense target; intention recognition; dynamic Bayesian network; template matching
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Fig.1 Reasoning process of combat intention
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Fig.2 Reasoning model of dynamic Bayesian network
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Fig. 3 Structure of Bayesian network
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Fig. 4 Combatoperation prediction based on Markov chain
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Fig.5 Intention recognition based on situation template

matching
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Fig. 6 Reasoning model of Bayesian network
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Fig.7 Reasoning of current combat operations by feature information
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Table 6 Five combat operation sequences with maximum

joint probability
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Table 9 Recognition accuracy in different scenarios
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